Sensory and consumer science —
what have we achieved? where
are we going?
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Preface

e Scope of vision
— FQAP glasses
— Consult for both companies and government

« Selection of issues — not comprehensive view
— Statistician
— Consumer Science

« What we are about
— Sensory perception
— Consumer perception and liking
— Product development and support

— Consumer decision making (choice) and purchase (role
of sensory)



Overview

e Sensory Science

e Consumer Science

e Future



Sensory Science

e Data collection



Data collection in the sensory lab

These packages have revolutionised sensory data collection

e/? c ompuseN Se® World leader in software applications for sensory evaluation P sack Qerevious Hext @

Software Solutions for
FIZZ Sensory Analysis and ,O
. . . c Test
Your job is about to get easier. onstmer Tests BIOSYSTEMES

FIZZ is barn fram a fact: in the eighties, there was no tool available allawing the
managernent of sensary analysis, a growing but demanding new field, based on the
L —ﬁ statistical computation of the sensory properties of the products.

” Biosystémes'teamn, composed of specialists in food technology and software, then
launched the development of a powerful tool able to collect and analyze sensory
data while providing sirmple means to realize the long, tedious and various tasks
encountered at each phase of the sensory analysis.

This gave birth to the first version of FIZZ in 1988, Since then, new versions were
launched regularly, taking in account new user needs and the technological and
. . ientific advances.

Market-leading ‘ CoMPusense: % Extra services to help you. Seent!

applications. ﬁve

What do you want todo? &

COMPUSENSE" S o
commuter  “erseryservies Training @ Several solutions adapted ta the different situations
@ Complete solutions

Exceptional customer support. Learn more about Compusense, @ Dependable and versatile salutions
Technical Support Mews Clients
The FIZZ solutions cover all needs
679 Southgate Drive, Guelph, Ontaio, Canada N1G 452 9903/ 9898 FIZZ is available in three versions that allow the management of sensary
D 2005 Compusense Inc, Visit The Sensory Mexus for more information about sensory.

They are important vehicles for transmitting new technologies
Into practice



BIOSYSTEMES

Market research
Test Data Tastin .
: =0 Analysis Database
types Collection | Designs
Virtual reality Interfaces Preference mapping | Integrating information
Advanced Web-based Advanced . :
s ot dasian Time-Intensity Queries
Time-Intensity, Mobile Products PCA, cluster, Results
Progressive data collection split over tastings discriminant database
Combining Pictures, Sample Open question
guestions multimedia labelling encoding
: 5 Blinding codes Products / Samples
Conditional tests | Session recovery sesipalion Reports databiase
C s ' Williams Automation of Automated
e i Latin Squares routine tasks exportation
Paper or Balanced Basic stats:
Standardtests |  reuterized designs descriptive, ANOVA Copy / Pt

Pangborn 2001 - Workshop: Sensory data collaction .




Future (Punter OP&P)

e Sensory-on-Demand. LOGiCS8.com

T'he logical choice in survey

e users do not need any software  and document automation
except a browser and internet

Welcome to Logicd Polls
Connectlon_ Do you use sensory
Logics is the first company that offers flexible online survey  software?
° The |O IC8.| neXt Ste |S the and reporting software for sensary research. ¢y e always uze zothuare
g p With our products EyeQuestion and Eyeduestion Reporter -

| . 7y e use paper and
campanies can have a powerful and simple tool to support L ]

analyS|S and reportlng On their sensary ar marketing research. Click here for an

; _ 3 e only use paper
introduction to EyeGuestion. O

demand, so that the the client -

. News EyeQuestion Reporter i
Only haS tO prOVIde place’ Logicd and Compusense®  The lrr

sofhuare

|"ufute| | Results

have agreed to enter into a coOnsumer
prOdUCtS and respondents process of collaborative insight divigion of IFF p
. . . development to provide the International Fragrances & ot it
e |e al00% internet apphca’uon_ sensary and consumer Flavors Iocated in Hilversurm, 1R ot
research cammunity with The Metherlands, uses the l@ :"

flexible, web-hased, software Eveluestion Reporter to

tools for data collection and — generate standard reports of Ao = Snline

analysis. their research data. This ton|  We hawe 2 guests anline and 4

37 COMPUSENSe: °2'es alotoftimein member online

analysing the data and Login

Read more... provides a standard corporate Usemame
weay af reparting.
Read more... F asaword



Training and Performance of
Panels

e Computer recording makes review data
easler

* Many companies are increasing their
monitoring activities

* |s there pressure for cost-cutting?|



Descriptive Profiling - Training

In FQAP relatively few papers in the last 5 years
on training
— Peyvieux and Dijksterhuis 12(1) Training in Tl

Controversy over Sensory — Instruments versus
Sensory — Consumer Perception remains

Feedback strategies appear to shorten the time to
reach good performance but not improve it

— Findlay and colleagues FQAP — to appear

Can they be trained into improvement?

Important area requiring further work.( Beauchamp
hypothesis)



Classification of papers in Sensometric Special Issues

L Topic No of Papers
Surprising In Sensory Panel Performance 15

the Relating consumer to sensory
sensometrics Difference tests

field that so Preference Testing

many are on ECAIRES

Design
performance Relating sensory to instrumental

Multivariate Testing

Free choice
Segmentation

Neural Nets

Quality

Choice/ Attitudes
Dispersion Tests
Multidimensional Scaling
Time-Intensity )

RlR[RINvINvw|w|w|w|slolo|o |~




Monitoring Sensory Panel performance

* Repeatability
— The ability to score the same product consistently for a given
attribute (Rossi 2001 quoting NB Standards)

* Reproducibility
— The ability to score products the same, on average, as the other
panel members (Rossi 2001)

e Discrimination
— The ability to show a significant signal to noise ratio

« Performance criteria are understood and easy to calculate
with computer recording

 To my mind the last two are more important than the first
two

 Industrial pressure to replace poorly performing assessors



Assessment of Panel Performance
|_I1terature

A useful and comprehensive literature has
led to a number of interesting graphical
techniques that are possibly unique and may
have wider significance.

e O’Mahony and colleagues have started to
ask some basic questions:

— Eg scoring one attribute across all samples
versus all attributes simultaneously



Dynamic measurment
Time -Intensity

Standard techniques — Anova etc
Overbosch, Liu and MacFie rescaling ideas

Van beuren — PCA, Dijksterhuis PCA non
centred PCA

Wendin — modelling
Statis — Guinard and colleagues
Future — back to basics?




Exirihntions 2 chandarad]
VRS

L

Warianoe increased
duiriieg testing

A B Cysiribntions | siandara)

J\ clevicatim apart

Using the variance as well as the mean of response distributions and
some clear thinking has enabled O’Mahony and colleagues to
develop a valuable programme of testing that is

Comparing the performance of different testing procedures

Testing the effects of warm up samples, memory, re-tasting etc This
programme is producing as series of useful results that resonate with
sensory practitioners

Worth pursuing, may yield useful new methods! More workers
needed!



Are we doing too many reps?

* Mead: Experimenters who design trials with more
than 30 degrees of freedom in the residual should
be shot!

Source Degrees
E(MSA) = 02 -I-nGiS +bn0i of Freedom
Assessors 11
2.5
) ) ] J Samples 9
E(MS,)=0" +no,; +an
b—-1 Assessor by
|\/|S 5 ) Sample 99
=0 +ho >
( AS ) AS Residual 241
E(MS;) =0 Total 359




Are we doing too many reps?

 Mead: Experimenters who design trials with more

than 30 degrees of freedom should be shot!

Source Degrees
of Freedom
Assessors 11
Samples 9
Assessor by
Sample 99
Residual 241
Total 359

Source Degrees Source Degrees
of Freedom of Freedom

Assessors 4 Assessors 4
Samples 9 Samples 9
Assessor by Assessor

Sample 36 by Sample 36
Residual 29 Residual 0
Total 79 Total 49




Making sensory relevant in an
Industrial context

R-Index

— estimating the number of discriminators
Repertory Grid

— Comparing sensory and consumer language
Predicting Liking

— Not needing to go to the consumer for every variant or
new product

Claims support
— Disproving a competitor’s claim, supporting own claim



Change in function?

. Before
(Sersry

Now

Consumer
Insights

.



Future

Consumer Insights

Need for new methods to expand our influence



Who blames who when It goes
wrong

Consumer Insights

d

consultants




How long does It take a
respondent to notice a change?

« Mars Snickers story
— Reduce chocolate on surface
— Discrimination tests no difference
— After 6 months sales go down

 How do you predict that?



Consumer Scilence

Central Location Testing CL
Decision making
EXxpectations

Combined approaches
Novel ideas



CLT — what have we achieved?

Established that sensory scientists are uniquely
qualified to conduct the tests properly

— Specialised designs,

— Food Science background,

— Statistical analysis framework

Universally applied in food and non-food area

Segmentation techniques work well with complete
designs

Results related to sensory profiling and these can
be related back to Analytical and compositional
data



CLT - problems

Numbers of subjects
Question biasing effects

Segments do not relate to demographic
factors

Incomplete designs
Blind multiple product testing



Can we find a general value for N?

Number of consumers necessary for sensory acceptability tests

(Hough, Wakeling, Mucci, Chambers IV, Méndez Gallardod and Alvese) Food
Quality and Preference to appear

By reviewing the

results of many CLT

trials the authors
arrive at a general

value of 0.23 for noise

Table 1. Range of N used in different studies.

Number of

Product Reference
consumers
Meat patty 43 Miller & Holben (1999)
Fermented eggplant " Sesefia, Sanchez-Hurtado,
study Gonzalez-Vifias & Palop (2001)
Lamb meta 10-20% Arsenos et al. (2002)
10-43° Devereux, Jones McCormack &
Low-fat foods
Hunter (2003)
Hall, Hampl, Stanton, & Monte
Cereal bars 84
(2003)
Instant coffee 199 Geel, Kinnear, & de Koch (2005)
_ Crisosto, Crisosto & Metheney
Cherries 581

(2003)

a Number of consumers varied from one stage of the experiment to another.
b Number of consumer’s availability.



Hough et al propose 112 as a generally useful number

So if you have a 1-9
point hedonic scale
and want to detect
a difference of 0.8
on this scale, then
the d value with
which to enter
Table 3 would be
this difference
divided by the scale
length: 0.8/8=0.1.
Thus with RMSL=

0.23, a= 5%, B=
10% and d=0.1; the
number of
consumers

necessary to
perform the test
would be N=112.

b ¢ B%’
RMSL? a% d 20 10 5
10 0.2 7 9 11
5 0.2 8 11 14
1 0.2 12 15 18
10 0.1 25 34 43
0.14 5 0.1 32 42 52
1 0.1 47 59 71
10 0.05 08 135 170
5 0.05 124 166 205
1 0.05 184 234 280
10 0.2 17 23 29
5 0.2 22 29 35
1 0.2 32 40 48
10 0.1 66 91 115
0.23 5 0.1 84 112 138
1 0.1 124 158 189
10 0.05 262 363 459
5 0.05 333 445 551
1 0.05 495 631 755
10 0.2 29 39 49
5 0.2 36 48 59
1 0.2 53 68 81
0.30 10 0.1 112 155 196
5 0.1 142 190 235
1 0.1 211 269 322
10 0.05 446 617 780
5 0.05 566 757 936
1 0.05 842 1072 1284



Typical information-processing model of affect

—
—
_Sensory_, Physical
nput - — Encoding
—) ‘
—
Higher Order
Encoding
Cognitive
Memory «——>{ Representation
of stimulus
Information

l

Affective
Reaction

Zajonc 1980 proposes

Thus by forcing more
cognitive processing we
may interfere with
normal judgement
processes

Judgement



The effects of asking questions on liking

Product 4 Is
significantly
higher than the
other 4 products
when just Overall
Liking or Overall
Liking plus
Intensities are
asked but not
when JARS are
present

Owerall Liking

Cverall Crverall Cwerall and Crverall Ciwverall and

Liking Liking + Attribute Likirg + Attribute

Onily Intensities  Liking JARs Liking +
JAHs

Product 1 B Product2 W Product3 B Product 4

Fig. 1. Mean overall hking ratings for the products by questonnaire
conditton (JAR =just-about-nght). Within a questionnaire condhtion,
the overall hking means that share a common letter do not difler sig-
nificantly from one another (p < 0.05).

Popper, Rosenstock, Schraidt, Kroll (2004) The effect of asking
guestions on attribute ratings. Food Quality and Preference, 15,853-858



A provoking proposal

 FQAP should not accept papers where sensory
attributes or just about right attributes are asked
before or simultaneously with liking

« \Watered down proposal
— Liking
— Intensity modulated liking
— JAR modulated liking

Postscript — accelerated testing



Affect 1S one or two-dimensional?

Strength of
Feeling

(Involvement)

Liking



This work of Pieter Desmet is fascinating

Cross cultural
Non verbal

Derived for

design objects PrEmo DEMONSTRATION version 8.0

You can now rate each character by clicking on it. Please use the coloured scales to report to
what degree the feelings expressed by the characters correspond with your own feelings.




Internal versus External Preference mapping

External Preference

mapping Internal Preference
Vector model mapping
Sensory data Consumer data
! !
PCA PCA int pref map
v v
Correlate In Correlate in
consymers sensory data
| v
Present Plot Present Plot

Van Trijp and colleagues In paper to appear in FQAP point out
that different food specialisms prefer internal or external and that
the innovation arising from each approach may vary



Mapping Issues

Need to project new sensory
samples into liking space

—

Sensory Liking
+—>| data <>\ data

—

Need to estimate the sensory
properties of a potential new
product in the liking space



Mapping Issues

Are we too quick to use clustering?

Sensory

1% Cluster
Liking | .

data Analysis

Sensory
data

Cluster

Analysis

Psychographic measures may be more useful



Psychographic measures that could characterise
liking and choice patterns

Variety seeking scale ( Van Trijp)

* Food Involvement scale (Bell and Marshall))
* Food Lifestyle scale (Grunert et al)

* Restrained eating scale (\VVan Strien)

 Private Body Consciousness (Stevens)

* Neophobia scale (Pliner and Hobden)

* Need for cognition scale (Cacioppo and Petty)




Making products that will satisfy many segments

Percent Predicted Responses Exceeding Overall Liking of 6.5
Elliptical Ideal Point Model for Salmon

This contour
plotting idea,
derived by
Danzart, 1s
now widely
used and iIs
available in
FIZZ and
elsewhere

PCA Dimension 1

gAWN e

30.4 33.2
N 416 N 444
N s N ss6

Introducing the idea of a cut —off limit for a category is useful
to give product developers more freedom.



Future: Mapping

More attention to question bias

Latent class — probabilistic modelling
Structural equation modelling (more later)
Psychographic measures

Cut-off modelling



Decision making

o Conjoint Analysis widely used in concept
testing

 Internet testing reduces costs and speeds up
tests but questions remain

e Many interesting innovations

— Eg each respondent is given a fixed time and
the model fits based on the data given (HM)

— Self authoring conjoint (HM)



This image
from the
SAWTOOTH
Program
literature
Indicates the
shelf display
option and
conceptually,
offers large
numbers of
choices to

respondent in a
realistic setting

Shelf-Facing Display Presentation

The CBC/Web Advanced Design Module supports “shelf-facing™ presentation, as shown below
(thus feature i3 not supported in CBC for Windows). This graphic has been sized to fit within
this document—it is bigger and clearer on a PC momnitor.

If these were vour only options, wluch would vou chooze”

¥ Mone of theas




Hierarchical Bayes

A recent addition that improves on Multinomial
Logit fitting

 |f an individual is fitted well by the procedure his
Individual model Is used for prediction

* |f not fitted then the global model is used.



Hierarchical Bayes Approach
Richard Johnson: Sawtooth Software Research Paper Series

e 6 conjoint attributes with a total of 17 levels.

« Each respondent answered 18 customized choice guestions
with 5 alternatives plus a further 9 hold out choice
guestions, also with 5 alternatives.

» Part worths were fitted using HB based on 18, 9, 6 and 4
choices per respondent. These were used to predict the hit
rate of the hold out choices

Even with as few as four No of tasks| Hit Rate

choice tasks per respondent,

€ 1asks _ 18 0.660
the hit rate is much higher 9 0.602
than the 20% expected by 6 0:556
chance 4 0.518

Could be a means to do view and taste trials



Conjoint Future

* More incomplete designs

— These will be suitable for taste factors where few tests
per respondent are possible

 More choice based models

— A recent review noted this to be the fastest growing
method

« More internet testing on concepts

— Costs savings and extra information about respondents
will overcome reservations



Combined Approaches



Total Food Quality Model

The importance of
cues in decision
making and the
distinction
between intrinsic
and extrinsic cues
made by
Steenkamp, Van
Trijp and
colleagues are
emphasised in this
model

o Extr_insi:
cues quality
cues
Shopping
situation

Perceived Perceived
cost extrinsic

cues qualicy
cues

Perceived
costs

Intention
to buy

Figure 3.1. The Total Food Quality Model.

Technical
product
specifi-
cations

Intrinsic

quality
cues

Perceived
intrinsic
qualicy

cues

Expected
q_lil_alit)r:

* Taste
*Health

* Convenience
* Process

Expected
purchase
motive

fulfilment

Grunert, (2005) Binnenwerk Innovation Chap 3 p61

Sensory
character-

Meal istics
ea
Eating
situation

Experienced
quality:

* Taste

* Health

* Convenience
* Process

Experienced
purchase

meotive
fulfilment

Future
purchases




What happens when cue expectations are inaccurate

Type 3 meat has E ’“’
a high visible fat ’__,,
level but the b -
sensory ‘
properties after a
cooking are
liked. -
5 e =
A5 -—-"'>\-‘----‘- ;
4 R S i
35 \
oy
3 wpel  gpel  gpel

Figure 3.8. Quality expectations and experience for 3 meat types.

Grunert, (2005) Binnenwerk Innovation Chap 3 p 73



A case study in relating sensory descriptive data to product concept fit and consumer

vocabulary

Carr, B.T. / Craig-Petsinger, D. / Hadlich, S., Food Quality and Preference, Jul 2001

A nice example of
a combined
sensory testing
and consumer
testing with a
message for us all

Homemade

0.94

Dhstingt Ingredients

Comforting

0.89

Flavarful

| 0.59|

Vihalesome

Swaeat

=]
-4
5]

Aroma Strength

Jora

Consumer Response

Fruit Flavor

Healthy

0,63

Mut Flawor

062

Crunchy

L

Grain Flavor 0.10

083

0.00

0.25

0.50
Correlation with Fit-to-Concept

0.78

1.00

Fig 1. Cotrelations of consumer fit-to-concept ratings with consumer image and product

escription attributes show that fit-to-concept relates more to image attribuates than to product

description attributes.



Expectations and Sensation - Decision Making

— - CLT

Blind testing

Package
Concept testing
Combined
package/taste




Sensory expectation : eg Creaminess

Brand 1
Brand 2
Brand 3

— I © m m 9O o m

o = = — Ao

0

2

4

6

O Actual
W Expected




A model of expectations and performance to satisfaction

 Expectations |
N

Redrawn from
Oliver,1993,
J. Consumer
Research, 20,
418-430



Food Choice

o Cognitive frameworks
— Means End chain
— Fishbein Ajzen



Means End Chain Models

Universalism Benevalence

rY F

Fair chances for
everybody

Y 3

Protect my family

Helps producers
In developing Healthy
world

F F

Produced under

fair trade High proteins, low
conditions fat
Max Havelaar Turkey-based
coffee sausage

Figure 3.2. Relationship between product characteristics and personal goals at different levels of
abstractness.

Grunert, (2005) Binnenwerk Innovation Chap 3 p61



Hierarchical VValue Maps

Consumer behaviour with regard to food innovations: Quality perception and decision-making

Happiness Family's quali Good health
and well-being Df“fe}r quallty and a long life

\
\\ ther‘éal':; \

Gives Sggsde of of trgmﬁs entl
with the fami
energy moud !

Wholesomeness and
physical well-being

Is time-

sausfactlcn o
consuming/ Influences
less time with household
the family budgets

Do not like it

Enjoy
ay Good and
eating it nourishing /
Represents Difficult to prepare
re

a variation
I deliciousl
in the fare H Poor taste
Good taste Contalns and textu
Unprocessed and texture TTEE I:?]e bought at  icamins and There arelﬁ expensive
raw material a fishmengar " are
g minerals bones in it
Is fresh

Figure 3.3. Hierarchical value map for fresh fish.

Grunert, (2005) Binnenwerk Innovation Chap 3 p61



The meaning of Price

Price iS Used at | Objective price |
purchase D : |

Arrention to objective price

B ut iS it an Price inter’pr’etaiic-n and storage :]
i m pO rtant cue | Artitude towards price
affECti ng Sensory Integration of |:J:-'|'i-:e with ather
eXpeCtati 0 nSf) product wj’c:-rmau-::-n
| Artitude towards purchase |
:
| Purchase |

Figure 3.9. Price perception and processing.

Grunert, (2005) Binnenwerk Innovation Chap 3 p61



Structural Equation Modelling

Widely used in (emnae ) (oumae )
N x_gl.liill'r' ELIBE___.-" H&U-Ellll'.l -5I.|Eli___.-"
economics, —\ 7
— .,
pSyChOIOgy’ I-"f Expected H”‘-, I-'fE;|:|:-eru!n=|z-ut| '“-I
marketing N g ;).__f‘"a'“”__,f
modelling f ~. _/ O
.-"f F‘a&l HH-T S \‘._
urchasas ' | P
It enables Natim” NS .J:‘;Ls)
complex N
Interrelated [Befors purchazs | [Afer purchese |

hypotheses to
be tested

Fig 1. Elements investizated and their hypothesized interrelations.

L. Bredahl | Food Quality and Preference 15 (2003) 65-75



Structural Equation Modelling

Ri=.20 Ri=44

Promational A6
material -

The existence

Expected
health quality

Experienced
health quality

and strength of 5 R
Interrelations Cooking d Fure
satisfaction purchases

are indicated

Experienced
eating quality

/ Fat and\ -

ldf=360/1270=1.33

| |
weat G”Ty RMSEA=.032,
— Past P(RMSEA<,05)=1.00
GFI=.92

' Only statistically significant relations are shown (p<.05).
Fig. 2. Structural model—all respondents.

L. Bredahl | Food Quality and Preference 15 (2003) 65-75



Structural Equation Modelling

R#=24 R"— 45

G;ected Expenenced\
health quahty / \health quahty
o 2217

\\ = .
Brand ) Cooklng / Future
38 satisfaction pu rcha ses/
T Re= 36 -
ty

— —

/ Expected \‘ s Expenence

eating quallty/* eatmg quall
S —
/ T 36 R 30
Fat and \I 72ldf=202/143=1.41
\ meat colour / RMSEA=.053,
\ ,/ P(RMSEA<.05)=,38
— GFl=87

' Only statistically significant relations are shown (p<.05).

Fig. 3. Structural model—high familiarity respondents.

—

Rz' 26 R?=.49

Promotnonal\ 24 =T
(material 7/ Expected AN Mxperlenced\
H“—\-\_

-’/ health quality / , health quality
=32

— " I

g - ™
Brand Cookmg Future
/ atlsfactlon purchases /
RZ— ﬁD -
/ N\»

\Meat juice —*/ Expected _..." Expenenced

S I\\eatmg quality / eatmg quallt

o R14

i

.30
Zidf=290/252=1.15

Jidf=
Past \ RMSEA=031,

P(RMSEA<.05)=99

\ purcha/ Gt

' Only statistically significant relations are shown (p<.05).

Fig. 4. Structural model—low familiarity respondents.

And compare the relations in different segments.

It is a very powerful technique

L. Bredahl | Food Quality and Preference 15 (2003) 65-75



Attitude Change



Schematic Representation of the theory of planned behaviour

Behaviour beliefs x
Outcome evaluations

Attitude

Normative beliefs x
Outcome evaluations

Subjective

Norm

Intention

Behaviour

Control beliefs x

Power

Perceived

Control




Food Quality
and Preference

¥ i
ELSEVIER Food Quality and Preference 13 (2002) 13-21

www elsevier .com ) locate foodgual

Consumer attitudes toward the use of gene technology in tomato
production

Anna Saba*, Marco Vassallo

ﬂu:ﬂ. 23

Fro==iL.54 T =032

Tia=-011

MORAL

- OTHERS’
OBLIGATION ATTITUDE
'5-1 'ﬁ:l

* t-value not-significant at level 0.05

Fig. 3. A representation of the model. The causal standardized path coefficients between the variables beliefs, attitudes, planned behavioural con-
trol, moral oblipation, intention, are shown, The indexes GF1, AGFI, RMSR, the multiple coetficients of determination tor the structural equatons
of the variables attitude and intention, REI, and R';’Igl respectively, are reported as well.

Structural Equation modelling is very useful in this application too.



Where are we going?

Coming out of the kitchen
Measurement 1ssues must be addressed

Cognitive sensory interactions will be better
understood ( Brand/Package/Sensory)

Structural modelling big potential

Higher level input into product development
cycle
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